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(Interestingness) group by C, 1. category
, , having sum (I. price) < 100 and min (J.
price) = 500
, with min- support = 0. 01 and min-
4 confidence= 0. 5
sales ( customer- name, item- name, 2
transaction- id), lives (C,-, "Vancouver") and sales (C, "
- lives (customer- name, district, city), Census- CD", ) and
- item (item- name, category, price), sales (C, "MS/Office97", -) = > sales
* transaction (transaction- id, day, month, (C,"MS/SQLServer",-) [ 0.015; 0.68]
year),
lives, item, transaction ) s
customer- name item- ) ,
name  transaction-id  sales s
“ 1998  Vancouver( ) , )
( 100 ,
) ( 500) ,
(DM QL) , 1 2
: Vancouver 4 ﬁtiﬂﬂé ﬂ?éﬁﬂu D\]’]
Census- CD  MS Office 97, 63%
MS SQL Server, /
1. 5% , , S.
, association year = 1998, T. year = 1998, Icategory = J.
( ). lives (C,-, "Vancouver") category, sum (I. price)< 100, min (J. price) 2
: lives, item 500
transaction )
s lives, customer -
name, city= "Vancouver" ; S (
item, items- name  category, ), S
; transaction , t ,
transaction- id, day  month ) ,
year 4.1
, S. year= 1998, T. year= 1998, , sum(I.price) < 100
I. category= J. category,sum (I. price) < 100, , 100
min (J. price) 2 500 ( ,
), = 0.01 =0.5 ,
1 »min (J. price)2 500  S.year= 1998

mine associations as
lives (C,-, "Vancouver") and sales +
(C,7 {1},{S}) = > sales+ (C.? {J},{T})
from sales

where S. year= 1998 and T. year= 1998
and 1. category= J. category

, avg(l. price) < 100
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price) < 500

[2]

(succinctness)

Apriori- style (

500 ,

avg (I. price)< 100

sum (I. price)< 100,

(succinctness)
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OLAM , ,
CAP(for Constrainted Apriori) ;(2)
CAP / ,
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Constraint-based multidimensional data mining technology

WANG Xiaosheng
(Dep . Comp uter, Changchun Institute o Technology, Changchun 130021, China)

Abstract: Based on the functions of ad hoc and query—driven system, the essentials{ive constraints for
multidimension data mining are discussed. The constraints and the association rules are interpreted
using an example of data mining query, and it is expressed with DM QL. Association rules handling is
discussed. It produces efficient data mining that dimension/level and rule constraints are used together
in mining association rules. It is interesting whether a rule constraint can be pushed deeply into the
hierarchy to facilitate mining at the current level of abstraction and deeper levels. In the end, this

paper provides a OLAM architecture, its composition, function and benefits are presented.

Key words: constraint; multidimension data; data warehouse; data mining; OLAM
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